
Abstract - The whole world, including Bangladesh is 
brought to a standstill by the pandemic of COVID-19.  The 
HEIs in Bangladesh also struggled to react to this sudden 
catastrophe; magnified by uncertainties.  Compared to 
public universities, the private universities of the country 
managed to react the fastest and adopted sweeping changes 
in a very short period of time, shifting traditional face-to-
face course content/teaching to online content/teaching. The 
shift to fully functional online teaching learning platform 
was sudden and with minimum preparation. To investigate 
the perception of the private university student community 
in Bangladesh towards this new teaching-learning method, 
this paper adopted the Unified Theory of Acceptance and 
Use of Technology (UTAUT) model, focusing on 
stakeholders’ behavioral intention, availability of the online 
platform ad resources, prior experience, attitude towards 
usage and most importantly the impact of COVID-19 
pandemic. Additionally, the paper also discusses the issues 
of social and cultural impact. It was found that all the 
UTAUT attributes are positively correlated with the 
Behavioral Intention, and which also positively correlate 
with students’ Use Behavior in adopting online education. 
The impact of unexpected, and unprecedented COVID-19 
pandemic also significantly moderated their behavioral 
intention towards accepting online education. 

Index Terms - COVID-19 disease, pandemic impact, 
Online education, UTAUT2, HEIs Bangladesh 

I. INTRODUCTION

Currently the higher education (HE) situation in Bangladesh 
is at a crossroad.  The prime issues are concentrated around 
quality assurance and accreditation that is essential to mark its 
footstep in the global knowledge economy, and coping with the 
skillset demands of the employers, in the transitioning dynamic 
economy of the country – from traditional Agri-based industry 
to service-oriented. At the same time, higher education 
institutions (HEIs) are also facing the urgent need to break the 
shackles of traditional uni-directional classroom-based 
teaching to adopt modern teaching, learning and assessment 
techniques to promote higher-level cognitive and soft skills. 
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And then there is the lack of flexibility towards changes from 
the society and governing bodies.  It is imperative that
educational institutes are more vulnerable for the 
spreading the COVID19 virus. A major part of a student’s 
daily life is spent in close proximity, inside the 4-walls of 
classrooms or in communal settings. This 
unprecedented situation not only unsettled our lives but also 
cause us to evolve towards a paradigm shift, particularly in the 
Higher Education Institutions (HEI). Stakeholders of the HEIs 
will need to rethink and reinvent their operating procedures. 
This virus may be proven to be a catalyst for online education 
and other relevant digitization of education technologies. One 
of the most essential new norms is social distancing, which 
will lead HEIs to adopt distributed structure and develop 
relevant administrative and pedagogical tools. 

A. Convention of Online Classes in Bangladesh due to

COVID-19

Alongside the whole world, Bangladesh is brought to a 
standstill by the pandemic of COVID-19. All the hustling-
bustling of a densely populated country has come to a quiescent 
halt; the only sound remaining is the whisper of anxiety. The 
HEIs struggled to react to this sudden catastrophe; magnified 
by uncertainties. Since March 17, 2020, educational institutes 
in Bangladesh are closed due to COVID-19 pandemic. Few 
educational institutes with existing digital infrastructure 
managed to convert their operations into online platform within 
the first week. But a good number of educational institutes 
suffered even after a month of closure. After about two weeks, 
out of 151 public and private universities of the country, only 
63 managed to start online classes [1], only 2 public and 61 
private universities. However, the extensibility and effectivity 
of online classes could not be assessed against the digital 
readiness of Bangladesh. Bangladesh ranked 105 out of 134 
countries in the Network Readiness Index of 2020, and only 5.6 
percent had a computer and 37.6 percent had access to the 
internet at home as per the Bangladesh Bureau of Statistics in 
2019 [2].  

Classes are shifted online, keeping students and teachers in a 
safe distance while undertaking their classes. Private 
universities of the country are accessing online platforms, 
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Zoom, Microsoft Teams, Google Classroom, WhatsApp, 
Facebook, Google Hangout, etc. utilizing to their maximum 
capacity for online class lectures, assessments, and team-based 
work projects. Teachers are delivering video lectures while 
students are communicating through video, audio or messages 
for their queries, class participation and clarifications, as 
appropriate and required [3], [4].  

This study focuses on the acceptance of online education 
from the most important stakeholders of HEIs – students. The 
study also explores the impact of unexpected and 
unprecedented influence of COVID-19 pandemic on the 
students’ behavioral intention toward ultimate use behavior of 
online education.  

B. Research Objectives:

1) To analyze the influence and correlation of the attributes
on students’ behavioral intention towards online education
in the HEIs in Bangladesh.

2) To explore the impact of COVID-19 pandemic on the
correlation between students’ behavioral intention with
user behavior towards online education in the HEIs in
Bangladesh.

II. LITERATURE REVIEW

Numerous researchers studied UTAUT based technology 
acceptance model in the Higher Education Domain. In majority 
of the studies the attributes were found positively correlated to 
the behavioral intention and use behavior of the stakeholders 
[5]. Lately a good number of studies have been already 
conducted or still on-going that explore the impact of COVID-
19 pandemic on academia – globally and also in Bangladesh. 
[6] conducted a study that included one of the largest number
of stakeholders - about 1500 students of the biggest public US
universities to study the causal impact of COVID-19 pandemic.
The study observed numerous negative effects on many aspects,
like, delayed graduation, loss of job, internship, etc. Some of
these negative impacts were heterogenous in nature divided into
socioeconomic divide, like, 55% students from lower-income
group may be delayed with their graduation than the higher-
income group [6]. [7] in their study observed that some specific
discipline of study is not suitable trough online platform from
students’ point of view and majority of the students were
demotivated [7]. Resonating with the study of [6], study of [8]
explored descriptive statistics to find the perception of
educators about online education, and problems faced related to
e-learning and revealed that low and lower middle-income
groups students have been hit the most [8]. [2] reported about
57% reported a loss of income since pandemic started –
distributed as 30% in the high-income group and 73% per cent
for the low-income. A radical unprecedented shift to online
education may be a beginning of a new format of concealed
digital divide [2].

Even though many studies were conducted on the online 
education platform, and COVID-19 impact on the Higher 
Education Institutes (HEIs) in Bangladesh, but very few were 
conducted on the technology acceptance model framework. On 
the way to be a developing country from a least developed 
country, Bangladesh is yet to adopt digitization in the 
educational institutes widely [2], [9]. There is certainly a need 
of study conducted from the users’ behavioral intention and use 
behavior point of view. Moreover, studies on COVID-19 
pandemic impact on the users’ behavioral intention to adopt 
online education in HEI context of Bangladesh is also absent. 
This study aims to fill that gap. 

A. Unified Theory of Acceptance and Use of Technology

(UTAUT2)

In 2003, Venkatesh, et. al. established a model named 
Unified Theory of Acceptance and Use of Technology 
(UTAUT) to assess the technology acceptance by stakeholders. 
The model was a combination of Theory of Planned Behavior 
(TPB), Technology Acceptance Model (TAM), Innovation of 
Diffusion Theory (IDT), Social Cognitive Theory (SCT) and 
some more previous research models [10]. Later in 2012, they 
upgraded the UTAUT model as UTAUT2 addressing some 
previous limitations and introducing three new attributes named 
price value, hedonic motivation, and habit [11]. Since then, 
UTAUT2 has been adopted by numerous researchers to study 
acceptance and adoption of technology in various fields [12].  

In a separate study to identify the determinants relevant to 
acceptance of IT innovation and use behavior, [13] integrated 
UTAUT and Entrepreneurial Potential Model, where 
Precipitating Events was used as a construct which modifies the 
stakeholders’ behavioral intention towards its effect on their 
final use behavior. Precipitating Event is described as an 
externally originating incident that influences or hinders user’s 
intention towards its conversion to behavior. In the studies 
conducted by [14] and [13], researchers suggested that external 
and environmental factors, and unforeseen events can change 
users’ behavioral intention towards use behavior [15].  

In this this study a combination of the above-mentioned 
concepts – UTAUT2 and Entrepreneurial Model has been 
adopted and the following conceptual research framework is 
used: 
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Fig.  1: Conceptual Framework 

 
The UTAUT2 is used to explore the relationship between the 

constructs as follow: 
Performance Expectancy (PE): The level of individual’s 
belief that using technology will help to get the job done [11]. 
Effort Expectancy (EE): The degree of ease associated with 
the use of technology [5]. 
Social Influence (SI): The degree of individual’s perception 
of importance given to the opinions of others that he or she 
should use technology [11]. 
Facilitating Conditions (FC): Consumers’ perception of the 
help and resources available for the use of technology [12]. 
Hedonic Motivation (HM): The pleasure and satisfying 
experience of using technology [11]. 
Value (V): The perceived cost of the resources spent, and 
value gained from using the technology [11]. 
Behavioral Intention (BI): Indicates how firmly an 
individual is ready to try or how much effort an individual 
intends to exert to perform a given act [5]. 
Precipitating Events (PEV): Uncertain external event or 
unexpected change in environment that influences 
individual’s decision to adopt new technology [13], [15]. 
 
Majority of studies conducted using UTAUT2 model to 

explore the technology adoption in numerous domain and 
countries of educational institutes in different settings, found 
positive correlation among the constructs of UTAUT with the 
stakeholders’ use behavior [5]. Considering the findings of 
those studies and current pandemic condition, this study is 
designed with the following hypothesis in alignment of the 
research objectives: 

H1.1: Performance expectancy has a significant effect on the 
behavioral intention of students to attend online classes. 
H1.2: Effort expectancy has a significant effect on the 
behavioral intention of students to attend online classes.  
H1.3: Social influence has a significant effect on the 
behavioral intention of students to attend online classes. 

H1.4: Facilitating conditions have a significant effect on the 
behavioral intention of students to attend online classes. 
H1.5: Hedonic motivation has a significant effect on the 
behavioral intention of students to attend online classes. 
H1.6: Value has a significant effect on the behavioral intention 
of students to attend online classes. 
H2: Precipitating Event moderated the behavioral intention of 
students to attend online classes. 

A similar research was conducted by [16] to investigate factors 
that influence Jordanian students’ behavioral intention to use e-
learning using the extended Technology Acceptance Model 
(TAM). [16] study included 4 constructs of the model and 
subject norm to represent COVID-19 impact. It also confirmed 
the positive effect of the variable on students’ e-learning 
intention with the effect of COVID-19 impact. But the 
definitional of ‘Precipitating Event’ given by [13, 15] is more 
appropriate in characterizing the impact of COVID-19 along 
with the constructs of UTAUT2 model. 

III. METHODOLOGY  
This study was conducted qualitatively and quantitatively, 

involving five different phases of the research process. Phase 1 
involved the process of reviewing literature related to UTAUT2 
and the application of Online Learning in HEIs, covering the 
topic of criteria or elements needed for online class, 
characteristics of lecturers when teaching online class and 
technique used in examining the structural path modelling. A 
semi-structured interview has also been conducted with three 
educators who are experts in online class teaching and learning 
and have teaching experience of more than seven years in HEIs. 
This interview serves the purpose of seeking more information 
on the scenario of online class during the COVID-19 pandemic.  

Based on the information gathered in Phase 1, a conceptual 
framework is developed and has been clarified with explanation 
of FIGURE 1. In Phase 2, to test the significance of correlation, 
the hypotheses (H1.1 – H.16) of the relationships among the 
variables were outlined in Phase 2, which statistically tested the 
significance effect on Behavioral Intention (BI) of the structural 
paths between ‘6 Constructs’ (i.e. PE, EE, SI, FC, VL, and 
HM). And to test the significance of the moderation model, the 
hypothesis (H2) on the influence of Precipitating Event (PEV) 
in term of its moderation on the relationships among the 
Behavioral Intention (BI) and Use Behavior (UB) is statistically 
tested. 

In Phase 3, this study used a questionnaire as a tool to collect 
the data for model testing. The constructed questionnaire 
consists of three main parts. The first part of the questionnaire 
collected the data related to demographics and 29 items of 
statement constructed for the sections of the students’ 
behavioral intention toward technology adoption and how 
precipitating events modifies the behavioral intention towards 
the actual use behavior. The degree of respondents’ agreement 
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with the items in second and third sections were measured with 
the Likert scale of 7-points, ranging from ‘Strongly Agree’ to 
‘Strongly Disagree’. The pilot test was conducted to examine 
the quality of the questionnaire using the content validity and 
the reliability test. The content validity refers to the agreement 
of the expert whether the items of the question constructed 
related to the variables identified in second part. The experts 
were the educators who are actively involved in projects related 
to the online class or online-based learning. Based on the expert 
opinion, the wordings in the questionnaire were revisited and 
few of the items were restructured according to its applicability 
to the variables in the research framework. Meanwhile, for the 
reliability test, a data survey using the questionnaire developed 
collected from a total of randomly selected 29 respondents. The 
result of the Cronbach’s Alpha among all items of all the 
variable showed a value of 0.960 among the sum of variables is 
0.93, which proved that all the items used in these cases have 
relatively high internal consistency. Detail results of 
Cronbach’s Alpha for each variable in the model are tabulated 
in TABLE I and II. 

Then, the data were collected once the questionnaire was 
ready in Phase 4. An online survey was conducted at the end of 
the Fall 2020-21 semester at the American International 
University-Bangladesh (AIUB), Bangladesh extracting 192 
valid responses from 200 respondents who voluntarily 
answered the questions. For 29 items, as per sample-to-item 
ratio, more than 150 respondents (5-to-1) is sufficient [19].  

Some of the important and interesting demographic (social 
and cultural) observations are - majority students (37%) belong 
to the family with monthly income range of 25000 – 50000 
BDT, majority students (40%) uses internet for 3- 5 hours daily. 
Even though majority students indicated their first preference 
of using internet is for Education, but majority students (37%) 
spend 3 – 5 hours daily on social media, very interestingly 48% 
(highest) female students are in this same bracket. In 
metropolitan city, majority of their internet connectivity is 
broadband; but in rural areas most of them depend on mobile 
data (Appendix A). 

Once the data was clean and without any missing value, the 
statistical analysis was deployed to analyze the data. First, 
descriptive analyses were conducted to describe the background 
of the respondents and the profile of internet usage among the 
respondents. Pearson’s correlation (r) method was adopted to 
measure the correlation among the variables. The value of r may 
be from -1 to +1; where greater than 0 indicates positive 
relationship, 0 means no relationship, and less than 0 indicates 
negative relationship [20]. Regression-based Moderation 
Analysis was conducted to measure the moderation effect of 
precipitating events (COVID-19 pandemic) on the relationship 
between behavioral intention and use behavior. The PROCESS 
3.5 plugin in SPSS developed by Andrew F. Hayes was used 

for this purpose. The moderation analysis was interpreted based 
on the reference values and the equation given below [17], [18]: 
- The probability value ‘p’ of interaction of moderator and 

independent variables is significant if it is less than 0.05. 
- If there are variations in the graphs plotted with low, 

medium and high moderator value with the independent and 
dependent variables. 

 
�̂� = 𝑏0 + 𝑏1𝑋 + 𝑏2𝑊 + 𝑏3𝑋𝑊 (1) 
 

IV. RESULTS AND DISCUSSIONS 
 

A. Reliability Analysis:  

TABLE I 
RELIABILITY STATISTICS 

Among all Items of all the 
variable Among the Sum of Variables 
Cronbach's  
Alpha 

N of  
Items 

Cronbach's 
Alpha 

N of 
Items 

.960 29 .930 9 
 

TABLE II 
RELIABILITY AMONG THE INDIVIDUAL ITEMS IN EACH 

VARIABLE 
Variables Cronbach's 

Alpha 
No. of 
items 

Performance Expectancy (PE) 0.868 4 
Effort Expectancy (EE) 0.821 3 
Social Influence (SI) 0.788 4 
Facilitating Conditions (FC) 0.712 3 
Value (VL) 0.788 3 
Hedonic Motivation (HM) 0.907 3 
Precipitating events (PEV) 0.860 3 
Behavioral Intention (BI) 0.892 3 
Use Behavior (UB) 0.772 3 
Cronbach’s alpha was measured in more than one way to 

measure the reliability of data. Cronbach’s alpha is calculated 
to measure the internal consistency of the items to find out how 
closely they are related to each other as a group. The value of 
Cronbach’s alpha ranges from 0 to 1. Expected reliability of 
items is based on their Cronbach’s alpha value of 0.6 or more 
[20]. 

All the items of the variable were found reliable with 
minimum Cronbach's Alpha value of 0.712. (Table I and II).  

B. Correlation Analysis: 

TABLE III 
CORRELATION (PEARSON’S) ANALYSIS AMONG THE 

ATTRIBUTES  
BI1 BI2 BI3 BI (Sum) 

PE1 .606** .589** .630** .698** 
PE2 .578** .564** .595** 
PE3 .498** .536** .597** 
PE4 .422** .367** .451** 
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EE1 .346** .409** .411** .617** 
EE2 .527** .487** .514** 
EE3 .513** .546** .559** 
SI1 .563** .502** .549** .695** 
SI2 .445** .479** .491** 
SI3 .495** .405** .456** 
SI4 .461** .526** .542** 
FC1 .370** .369** .351** .493** 
FC2 .345** .362** .284** 
FC3 .384** .385** .354** 
VL1 .541** .463** .406** .623** 
VL2 .435** .494** .527** 
VL3 .453** .455** .491** 
HM1 .498** .518** .581** .708** 
HM2 .598** .633** .644** 
HM3 .598** .600** .641** 
**. Correlation is significant at the 0.01 level (2-tailed). 
 

TABLE IV 
CORRELATION (PEARSON’S) OF BEHAVIORAL INTENTION (BI) 
AND PRECIPITATING EVENTS WITH USE BEHAVIOR OF ONLINE 

LEARNING  
UB1 UB2 UB3 UB (SUM) 

PEV1 .241** .184* .296** .375** 
PEV2 .344** .240** .285** 
PEV3 .385** .195* .297** 
BI1 .741** .474** .610** .843** 
BI2 1.000** .444** .627** 
BI3 .782** .426** .594** 
**. Correlation is significant at the 0.01 level (2-tailed). 
*. Correlation is significant at the 0.05 level (2-tailed). 
 
Correlations (Pearson’s correlation) value of all the 

attributes- Performance Expectancy (PE), Effort Expectancy 
(EE), Social Influence (SI), Facilitating Conditions (FC), 
Hedonic Motivation (HM), Value (V) are found positive (Table 
III). Precipitating Events (PEV) and Behavioral Intention (BI) 
are also positively correlated to Use Behavior (UB) (Table IV); 
Hedonic Motivation (HM) having the maximum positive 
impact (r = 0.708) and Facilitating Condition (FC) with 
minimum impact (r = 0.493). Among Precipitating Events 
(PEV) and Behavioral Intention (BI), the later has higher 
correlation with Use Behavior (UB) (r = 0.843) [20]. 

C. Moderation Analysis  

TABLE V 
MODEL SUMMARY  

(INTERACTION OF PEV AND BI, AND PEV ON UB)a 
Model R R2 Adjusted  

R2 
Std. Error  
of the Estimate 

1 .848a 0.719 0.714 2.29216 
 

TABLE VI 

MODEL (COEFFICIENTS AND PROBABILITY VALUE) 
 coeff se t p LLCI ULCI 

constant 13.7062 0.1954 70.1518 0.000 13.3203 14.092 
Behavioral 
Intention (BI) 0.768 0.0438 17.5174 0.000 0.6814 0.8546 
Precipitating 
Event (PEV) 0.0152 0.0625 0.2434 0.808 -0.1082 0.1387 
Interaction (BI 
X PEV) 0.0203 0.0094 2.1674 0.0317 0.0018 0.0388 
 

 
Fig.  2. Graph showing the dispersion of the relationship 

between Behavioral Intention (BI) and Use Behavior (UB), for 
low, medium and high value of moderator - Precipitating 
Event (PEV). 

Figure 2 illustrates the moderation of Precipitating Event 
(PEV), which is COVID-19 pandemic, on the relationship 
between Behavioral Intention (student’s intention to use online 
learning) and Use Behavior (student’s adoption of online 
learning). For three levels of PEV value – low, medium, and 
high, the relationship is being moderated and hence, the lines 
representing the relationship intersect with each other. Had 
there been no moderation, the lines would have been parallel 
[17]. 

The probability value ‘p’ of interaction of moderator (PEV) 
and independent variable (BI) is significant on the dependent 
variable (UB) as the ‘p’ value is less than 0.05. The graph plot 
also supports the value as the it shows non-parallel lines 
representing the effect of moderator PEV in its three level of 
values - low, medium and high. [17], [18]. 

The study hypotheses based on the research framework were 
tested and found supported (Table VII). Hedonic motivation has 
the highest correlation effect and Facilitating condition having 
the lowest effect on the students’ behavioral intention to adopt 
online learning. It was also found that precipitating event 
(sudden crisis caused by COVID-19) effected and moderated 
students’ behavioral intention towards their use behavior in 
case of online education in Bangladesh.  

 
TABLE VII 

HYPOTHESES TESTS 
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H1.1: Performance expectancy has a 
significant effect on the behavioral intention 
of students to attend online classes. 

Supported 

H1.2: Effort expectancy has a significant 
effect on the behavioral intention of students 
to attend online classes.  

Supported 

H1.3: Social influence has a significant effect 
on the behavioral intention of students to 
attend online classes. 

Supported 

H1.4: Facilitating conditions have a 
significant effect on the behavioral intention 
of students to attend online classes. 

Supported 

H1.5: Hedonic motivation has a significant 
effect on the behavioral intention of students 
to attend online classes. 

Supported 

H1.6: Value has a significant effect on the 
behavioral intention of students to attend 
online classes. 

Supported 

H1.7: Precipitating Event moderated the 
behavioral intention of students to attend 
online classes. 

Supported 

V. CONCLUSION 
A lesson learnt from COVID-19 pandemic by all sorts of 

organization certainly is to be flexible and agile, but yet 
resilient. For HEIs, these attributes also need to reflect among 
the students, teachers, and officials. Whether or not COVID 19 
subsides in near future, our lifestyle is permanently altered. 
Turbulent times have a way of reordering the reality, but in the 
process, new opportunities and ideas also pave the way [3].  

In this study, in alignment with UTAUT2’s postulates, 
Performance Expectancy (PE), Effort Expectancy (EE), Social 
Influence (SI), Facilitating Conditions (FC), Value (VL), 
Hedonic Motivation (HM) were found to be significantly 
influential on student’s intention to engage in online learning. 
Hedonic motivation; the excitement of adopting the new 
technology having the highest influence. The current COVID-
19 pandemic crisis also has a positive effect on the behavioral 
intention of the students in adopting the online learning 
technology.  

In terms of incorporating entrepreneurial model and 
technology acceptance model, the research framework of this 
study itself is a novelty which can be used in similar technology 
acceptance research in other domains, particularly during this 
ongoing disruptive time of COVID-19 pandemic. The study has 
revealed some previously unexplored insights about private 
university students of Bangladesh- their perception towards 
online learning.  

This study was based on the students who successfully 
participated in the online class in a homogenous environment. 
Unfortunately, that might not have the case for many 
universities of the country even the ones who managed to take 

online classes during this coronavirus pandemic. Hence, it may 
not be possible to generalize the findings for the HEIs of 
Bangladesh. Even though the most widely popular research 
framework [21] was used to assess the adoption of technology; 
but the current pandemic situation is also completely 
unprecedented. This is also proven to be the novelty of this 
article. This study definitely establishes a guideline for future 
researches and decision makers to assess technology adoption 
and impact of unexpected uncertain events on users’ behavioral 
intention.  
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Appendix A: Demography 
Item 

Category 
Total 
% 

Male 
% 

Female 
% 

Monthly 
Family 
Income 

25K< 17.90 16.54 22.86 
25K – 50K 37.65 39.37 31.43 
50K – 75K 24.69 23.62 28.57 
75K - 100K 11.11 11.81 8.57 
>100K 8.64 8.66 8.57 

Everyday 
Internet 
Usage  

1 hour < 1.85 2.36 0.00 
1-2 hour 10.49 10.24 11.43 
3-5 hour 40.12 35.43 57.14 
5 – 8 hour 26.54 27.56 22.86 
> 8 hour 20.99 24.41 8.57 
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Purpose of  
Using 
Internet  
(Priority) 

Entertainmen
t 36.42 37.80 31.43 
Education 43.83 42.52 48.57 
Profession 11.11 11.02 11.43 
News 5.56 5.51 5.71 
Others 3.09 3.15 2.86 

Usage of 
Internet  
for Social 
Media  
every day 

1 hour < 20.99 23.62 11.43 
1 - 2 hour 33.33 33.07 34.29 
3 - 5 hour 37.65 34.65 48.57 
5 – 8 hour 4.94 4.72 5.71 
> 8 hour 3.09 3.94 0.00 

Device 
used  
for online  
access 

Desktop 11.73 14.17 2.86 
Laptop 58.64 58.27 60.00 
Mobile 
Phone 29.63 27.56 37.14 

Operating 
System  
used for 
online  
access 

Windows 68.52 70.87 60.00 
Android 25.93 24.41 31.43 
iOS 2.47 1.57 5.71 
Mac OS 1.23 0.79 2.86 
Others 1.85 2.36 0.00 

Type of  
internet 
connectivit
y 

Broadband 
(ISP) 66.67 70.08 54.29 
Mobile data 32.10 29.13 42.86 
Others 1.23 0.79 2.86 

Type of  
internet  
speed 

1 Mbps < 25.31 27.56 17.14 
1 – 10 Mbps 51.23 55.12 37.14 
11 – 20 Mbps 6.17 6.30 5.71 
20 – 30 Mbps 3.70 3.94 2.86 
> 30 Mbps 1.23 0.79 2.86 
Not sure 12.35 6.30 34.29 

Location 
from  
where 
accessing  
online class 

City (Urban) 61.73 61.42 62.86 
Suburban 16.05 17.32 11.43 

Rural 22.22 21.26 25.71 
Previous 
Experience 
of Online 
Learning 

Yes 45.06 45.67 42.86 

No 54.94 54.33 57.14 
Time spent  
to get used 
to  
with 
Microsoft 
Teams 

1 Hour < 27.16 29.13 20.00 
1 - 2 Hour 39.51 39.37 40.00 
2 - 5 Hour 12.35 11.81 14.29 
5 - 10 Hour 2.47 3.15 0.00 

Not sure 18.52 16.54 25.71 
 
Appendix B: Variables and Items 

Variables and Items  Code References 
Performance Expectancy (PE)   
1. I find ONLINE learning useful 

for my studies 
PE1 [11] 

2. ONLINE learning allows me to 
accomplish class activities more 
quickly 

PE2 

3. ONLINE learning increases my 
learning productivity  

PE3 

4. ONLINE learning increases 
chances of receiving better grades 

PE4 

Effort Expectancy (EE)   
5. ONLINE learning is easy to use  EE1 [11] 
6. Adopting how to use ONLINE 

learning features is easy for me  
EE2 

7. My interaction with ONLINE 
learning is clear and 
understandable  

EE3 

Social Influence (SI)   
8. My peers who influence my 

behavior think that I should 
attend ONLINE learning 

SI1 [11] 

9. My friends who are important to 
me think that I should attend 
ONLINE learning 

SI2 

10. My instructors whose opinions 
that I value prefer that I should 
attend ONLINE learning 

SI3 

11. Overall, the university may 
support ONLINE learning 

SI4 

Facilitating Conditions (FC)   
12. I have required resources to 

attend ONLINE learning 
FC1 [11] 

13. I have knowledge to attend 
ONLINE learning 

FC2 

14. I can get help from others when 
difficulties arise in ONLINE 
learning 

FC3 

Value (VL)   
15. ONLINE learning is worth more 

than the time and effort given to 
it 

VL1 [11] 

16. In less time, ONLINE learning 
allows me to quickly and easily 
share my knowledge with others 
(e.g. chat session, forums, blogs, 
etc.) 

VL2 

17. ONLINE learning gives me the 
opportunity to increase my 
knowledge and to control my 
success (e.g., via quizzes and 
assignments/assessments, etc.) 

VL3 

Hedonic Motivation (HM)   
18. I feel fun attending ONLINE 

learning 
HM1 [11] 

19. I enjoy attending ONLINE 
learning 

HM2 

20. Attending ONLINE learning is 
very fulfilling 

HM3 

Precipitating events (PEV)   
21. Sudden changes in my work 

situation influenced my decision 
in joining Online learning 

PEV1 [13] 

22. Sudden change in my work 
environment influenced my 
decision in attending Online 
learning 

PEV2 

23. My decision to change my work 
situation due to recent 

PEV3 
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opportunity or lack of 
opportunity influenced my 
decision in attending Online 
learning 

Behavioral Intention (BI)   
24. I intend to continue using 

ONLINE learning 
BI1 [11] 

25. For my studies, I would use 
ONLINE learning 

BI2 

26. I will continue to use ONLINE 
learning on a regular basis  

BI3 

Use Behavior (UB)   
27. I use ONLINE learning for my 

studies 
UB1 [11] 

28. I use many features of ONLINE 
learning (discussion, quiz, chat, 
tools, etc.) 

UB1 

29. I depend on ONLINE learning 
(16) 

UB3 
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